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In many applications of statistics in biomedical sciences the challenge is to classify new ob-
servations according to multiple correlated variables and classifiers built from these variables.
However, the results may diverge substantially depending on the choice of specific classifiers.
One option is to attempt a different procedure of the ”fusion” of classifiers into one combined
rule. Different character of constituent classifiers is usually the reason for the diversity of the
ensemble. Diversity among individual classifiers of the ensemble is expected to be important
for improving accuracy in classifiers fusion. Further, examining diversity measures might
be useful for constructing the most efficient fixed combination of classifiers. Relationships
between diversity and correctness of fixed combined classifiers, in simulated data, were ex-
amined by Kuncheva and Whitaker[2003]. We studied dependence of performance of fixed
and also trained (with second-step level discrimination) combined classifiers on diversity, in
real-life medical data.

We analysed big medical data sets. We examined classifiers’ diversity by averaged pairwise
measures and also by measures evaluating discrepancies between several classifiers.

To incorporate more diversity in the set of parametric and nonparametric Bayesian dis-
criminant functions, we added also crisp classifiers, such as classification trees and neural
networks. Different subsets containing constituent classifiers were examined. Spearman cor-
relations between diversity measures and accuracy were stronger for symmetric diversity
measures (when the diversity is the same if we swap values 1 and 0 for correct and incor-
rect decisions, respectively)] and we found higher dependence on diversity for fixed than for
trained fusion.

Conclusion. Examining diversity might be useful in constructing efficient ensemble of clas-
sifiers.
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